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Abstract
We studied spatial autocorrelation in productivity across 110 ha 
of coast redwood (Sequoia sempervirens) forest in north coastal 
California. Height growth of dominant redwood trees, basal area 
(BA) growth, and volume growth were assessed in a grid of 234 
permanent sample plots. Semi-variance analysis indicated that 
productivity was spatially autocorrelated yet variable at smaller 
spatial scales (i.e., between nearby sample plots). Dominant 
redwood height growth lacked spatial continuity beyond 200 m, 
indicating that estimates of site index from plots closer than 200 m 
would be spatially autocorrelated. BA development was spatially 
autocorrelated in plots up to 300 m apart within the study area 
characterized by heterogeneous topography and variable species 
composition. These findings suggest that estimates of redwood site 
index demand greater sampling intensity than sampling to index 
BA or volume productivity. Our analysis provides a framework 
for refining estimates of forest growth, yield, and carbon stocks 
in natural forests in accordance with divergent gradients of 
productivity.

Keywords

Growth and yield; Forest productivity; Semi-variance; Sequoia 
sempervirens; Site quality; Spatial autocorrelation

*Corresponding author: John-Pascal Berrill, Department of Forestry and Wildland 
Resources, Humboldt State University, 1 Harpst St. Arcata, CA 95521, USA, Tel: +1 
707- 826-4220; E-mail: pberrill@humboldt.edu 

Received: November 19, 2015 Accepted: December 15, 2015 Published: 
December 21, 2015

Introduction
Forest carbon stocks and growth vary in space and over time 

[1]. Land managers that are aware of spatial variations in forest 
growth and carbon can design appropriate inventories for forest 
data and adjust management accordingly. Forest inventory often 
involves systematic sampling along transect lines or within a network 
of permanent plots [2]. If these plots are too close together, data 
collected in neighboring sample plots can be spatially autocorrelated 
(covariance). This intensity of sampling is unnecessary and may lead 
to population variance being underestimated and sample precision 
over estimated due to lack of independence between samples [3-5]. 

Forest inventory data are often used to estimate stand basal 
area (BA) and volume per unit area, tree size attributes, and site 

quality. Site index (SI) is a proxy for forest site quality that is used to 
account for variation in productivity between stands. It is calculated 
by averaging height of dominant trees at an index age (i.e., areas 
with taller trees for a given age are expected to produce more wood 
volume per unit area). Forest production can be determined via 
repeat inventories or predicted using growth and yield models. These 
models commonly use SI to modify growth predictions. However SI 
does not fully explain variations in volume growth, especially in coast 
redwood (Sequoia sempervirens (D. Don) Endl.) stand [6-8].

Coast redwood is highly productive on good sites and may 
require different management strategies in accordance with different 
site qualities [9,10]. Redwood can tolerate shade, but its growth 
slows in accordance with its social position within stands [11-14]. 
Thinning enhances redwood tree diameter growth but response 
differs according to tree and crown size, social position, and site 
quality [8,15,16]. Consequently, redwood tree taper can be affected 
by management or disturbance and varies independent of SI, leading 
to different rates and patterns of growth. This plasticity of growth 
habit presents challenges for modelers of forest growth and yield, 
especially in multiaged stands where SI no longer applies. Berrill 
and O’Hara (2014) proposed a productivity index for even-aged 
and multiaged stands that indexes basal area increment (BAI) or 
volume increment (VI) of the overstory [8]. The BAI index and VI 
index for coast redwood stands compare productivity of an overstory 
aged 50-80 years to an expected value for any stand density, for all 
species combined or by isolating the redwood component to mitigate 
confounding influences of species composition which varies spatially 
throughout mixed stands. 

Spatial representations of forest productivity or its predictor 
variables are particularly useful when they completely cover the 
landscape [17]. The spatial interpolation technique Kriging can be 
used in ecological studies, including forest inventory, to generate 
predictions of some variable in space between measured sample points. 
Application of Kriging is appropriate when the variable of interest 
varies spatially without abrupt changes. The related technique of co-
Kriging exploits corollary relationships between easily-obtainable 
data and more “costly” data for the variable of interest, generating 
spatially-explicit Kriging predictions using a dense network of sample 
points for the easily-obtainable variable (e.g., remotely-sensed aspect 
or elevation) and its empirical relationship to the variable of interest 
(e.g., forest productivity) [18]. Kriging relies on covariance models 
of spatial autocorrelation (termed semi-variograms, or sample 
variograms) that describe the spatial continuity and variability of 
measured variables in space. 

We developed sample variograms to quantify the extent of spatial 
autocorrelation in various indices of productivity: SI, BAI index, and 
VI index [8]. Our objective was to quantify the spatial continuity 
(i.e., how productivity varies in space) of redwood forest productivity 
along horizontal (basal) and vertical (height) axes of variation across 
the study area. We hypothesized that productivity along each axis 
(basal, height) was spatially autocorrelated making it predictable over 
some distance but locally variable between microsites. Our findings 
support design of carbon inventories and forest inventory for growth 
and yield data.
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Methods
Study site

The Railroad Gulch study area (lat. 39°19’47”, long. 123°41’50”) is 
located on Jackson Demonstration State Forest, Mendocino County, 
north coastal California, USA. The Mediterranean climate has winter 
rain and cool, dry summers. Mean annual rainfall is approximately 
1100 mm at Railroad Gulch, with most precipitation occurring 
between October and April. Coastal fog can extend inland at night 
to cover Railroad Gulch and supplements rainfall with fog drip. The 
area has complex, heterogeneous topography with steep slopes 
of all aspects. Soils are well-drained loams formed in material 
derived from sandstone. Redwood-dominated stands regenerated 
naturally after the old-growth redwood forest was removed from 
Railroad Gulch around 1920 [19]. Redwood was commonly mixed 
with coast Douglas-fir (Pseudotsuga menziesii (Mirbel) Franco 
var. menziesii) and tanoak (Notholithocarpus densiflorus (Hook. 
& Arn.) Manos et al.) and occasionally grand fir (Abies grandis 
(Douglas) Lindley), western hemlock (Tsuga heterophylla (Raf.) 
Sarg.), Pacific madrone (Arbutus menziesii Pursh), and red alder 
(Alnus rubra Bong.). 

In 1982, different methods of transformation towards an uneven-
aged condition were tested. The 110-ha study area was divided into 
14 contiguous blocks including two uncut control blocks. Basal area 
was reduced by 20%-50% in 12 blocks by partial harvesting across 
the range of species and tree sizes. Cutting individual stems dispersed 
throughout a block was termed individual tree selection. Group 
selection created a series of small openings within a block. A third 
approach involved combining individual tree and group selection 
within a square 8.1 ha treatment block. These treatments enhanced 
variability in forest structure but should not have affected site quality. 
A total of 234 circular fixed-radius 0.04 ha plots were established on 
random-start grids aligned north–south in the 14 blocks, collectively 
sampling almost 10% of the 110 ha study area (Figure 1). 

Tree and stand data

Diameter at 1.37 m breast height (DBH) of all trees >10 cm DBH 
was measured before harvesting in 1982, and re-measured in 1992 
and 2002. Tree height was measured in 1992 and 2002. A generalized 
height-diameter regression gave tree height estimates for a few trees 
missing height data [20]. Tree stemwood volume was predicted 
from dbh and height using species-specific volume equations and 
coefficients for Jackson Demonstration State Forest [21,22]. Tree data 
were summarized to the hectare level, and summarized separately 
for redwood in each plot. Summing individual tree values for stand 
density index (SDI) gave SDI for each plot [23]. BAI was average 
annual BA growth per hectare between the first and last re-measurements 
(approx. 20 years; 1982-2002). VI was average annual volume growth per 
hectare between the middle and last measurement (approx. 10 years; 
1992-2002). Bark-to-pith increment cores collected from four dominant 
or codominant redwood trees in/near each plot gave breast height age 
data for the overstory. The height and age data for these four redwood 
trees were used to estimate SI for each sample plot - defined as the average 
height of dominant trees at base age 50 years [24]. 

Basal area and volume productivity

We calculated productivity index values representing the rate of 
accumulation of stand BA and volume for the redwood component 
in each sample plot and for all species combined. In cases where 
dominant tree ages varied between plots, we fitted a BA growth 

model to our sample plot data and used the model to ‘grow’ stand 
BA data forward or backward to a common age (60 years). We 
separated the redwood component from all other species in the 
plot by calculating an estimate of growing space in terms of SDI 
occupied by redwood in each plot. The ratio of redwood SDI to 
total plot SDI gave proportion of plot area occupied by redwood. 
This redwood portion of plot area was used to calculate hectare-
level summary data for redwood component BA, BAI, and VI 
[25]. Finally, we took the difference between the plot data and 
the ‘expected’ stand average for that plot’s stand density which 
gave an index value >1 for plots with above-average productivity 
and <1 for below-average plots [8]. By comparing each plot’s 
BA, BAI, and VI to the expected value for that particular plot’s 
stand density we mitigated the confounding influence of density. 
For each sample plot at Railroad Gulch, we calculated values for 
five different productivity indices: pre-harvest age-60 stand BA 
index, post-harvest (1982-2002) stand BAI index and redwood 
component BAI index, and post-harvest (1992-2002) stand VI 
index and redwood component VI index.

Spatial autocorrelation

The spatial continuity of redwood productivity index estimates 
over the entire Railroad Gulch study area was determined by 
variogram analysis. Semi-variance defined as half the average squared 
difference between pairs of sample plot index values was calculated 
for redwood SI and the stand and redwood component productivity 
indices [18]. Spherical models were fitted to the final omni-directional 
variograms. The distance (x-axis value) at which variograms reached 
a plateau (range) indicated maximum extent of spatial continuity 
(i.e., there was no evidence of spatial autocorrelation in productivity 
estimates between plots further apart than the variogram range). The 
size of the y-intercept relative to the maximum semi-variance (sill; 
largest y-axis value) was indicative of sampling error and small-scale 
variability (nugget effect). For example, a relatively large nugget effect 
(i.e., large y-intercept close to the sill) is indicative of low spatial 
continuity, whereas a small nugget effect (i.e., y-intercept near zero) 
is indicative of high degrees of spatial continuity in the variable of 
interest at short distances [18]. A large nugget effect for sample plot 
productivity estimates would suggest variability between microsites: 
rates of biomass accumulation were highly variable over short 
distances such as between neighboring plots. Data were analyzed 
using SAS software [26].

Results
Plot data and productivity index values

The average age of four redwood SI trees in each plot ranged 
from 46 to 62 years. Prior to partial harvesting in 1982, stand BA 
at age 60 years averaged 79.6 m2 ha-1 and ranged from 0.42 to 
233.9 m2 ha-1 in 234 plots. Post-harvest stand BAI averaged 1.22 
m2 ha-1 yr-1 and redwood component BAI averaged 1.18 m2 ha-1 
yr-1. Stand VI averaged 19.5 m3 ha-1 yr-1 and redwood component 
VI averaged 18.1 m3 ha-1 yr-1. Growth data and productivity index 
values varied widely among plots. One plot with 100% redwood 
had the maximum VI of 61 m3 ha-1 yr-1. Redwood SI ranged from 
20.6 to 40.6 m at base age 50 years between plots [8]. A wide range 
of productivity index values for pre-harvest age-60 BA index and 
post-harvest BAI index and VI index was also observed: the 5th 
percentile of index values was 0.53 (i.e., almost 50% below average) 
and the 95th percentile was 1.66 (i.e., 66% greater productivity than 
the average for any density).
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Spatial continuity in productivity

Omni-directional variograms developed using semi-variance 
data indicated that productivity index estimates in nearby plots were 
spatially correlated. Spherical models were selected to describe semi-
variance for productivity indices (Figure 2). Range values signifying 
maximum distance of spatial continuity were lowest for redwood SI 
at 189 m, followed by 263 m for pre-harvest stand BA index. Greater 
spatial continuity was detected for post-harvest stand BAI index 
(311 m) and redwood BAI index (324 m), and for stand VI index 
(488 m) redwood VI index (466 m). Nugget effects (Y-intercept>0) 
were present for all variograms indicating that index estimates were 
affected by measurement errors and/or variability at small spatial 
scales. Overall, post-harvest stand VI index estimates were most 
variable between nearby plots (larger nugget effect) while having 
some degree of spatial continuity over longer distances (longer range) 
than SI or BAI index estimates (Figure 2). 

Discussion
Sample variograms for productivity index estimates at Railroad 

Gulch depicted the extent of spatial autocorrelation, but also revealed 
high local variability in productivity between neighboring plots 
(nugget effect) (Figure 2). Site quality may be inherently variable 
at this site characterized by steep, variable terrain; however, this 
topography is common within the redwood range. We did not 
consider or test the impact of plot size on nugget effect. After partial 
harvesting in 1982, the 0.04-ha plots contained an average of 22 
trees which is marginal when seeking precise estimates of BA and 
volume in stands with clumped elements such as redwood stump 
sprouts [27]. Localized variations may also relate to discontinuous 
sources of variability in site conditions such as changes in soil type or 
alterations to the hydrology from road building and associated flow 
diversion structures which are common in managed redwood forests. 
Partial harvesting under different prescriptions in each treatment 

Figure 1: Topography, forest road, silvicultural treatments, and location of 0.04 ha permanent sample plots throughout 110-ha Railroad Gulch study area, 
Mendocino County, California, USA.



Citation: Berrill J-P, O’Hara KL (2015) Spatial Variation in Dominant Height and Basal Area Development in a Coast Redwood Forest: Implications for 
Inventory and Modeling. J Biodivers Manage Forestry 4:4.

• Page 4 of 6 •Volume 4 • Issue 4 • 1000147

doi:http://dx.doi.org/10.4172/2327-4417.1000147

 
Figure 2: Spatial continuity of redwood forest productivity indices. Omni-directional empirical variograms and spherical (Sph) models for redwood site index 
and productivity indices for pre-harvest age-60 stand BA index and post-harvest basal area increment (BAI) index and volume increment (VI) index for stand 
(all species) and redwood component in 0.04 ha plots at Railroad Gulch, Mendocino County, California, USA.

block (Figure 1) created abrupt spatial changes in forest structure 
between blocks and within group selection treatment blocks. SI and 
the alternate indices of productivity were designed to be insensitive to 
differences in stand density between plots, so harvesting should not 
have contributed to local variability in productivity. The high degree 
of local variability presents challenges for researchers designing 
field experiments. For example, it may be difficult to find large 
areas of similar site quality to test different treatments. We expect 
localized variability in productivity to differ throughout redwood’s 
natural range, and recommend developing sample variograms for 

different sites and regions. At Railroad Gulch we detected significant 
directional trends aligned with the major gully that bisected the study 
site (Figure 1). In general, productivity was more uniform across the 
slope and more variable up/downhill. This suggested that greater 
spatial continuity may exist within redwood stands located on more 
uniform topography and soils. 

Longer ranges (i.e., spatial continuity over longer distances) 
in variograms for BAI and VI indices suggested that these may be 
more useful indicators of productivity than SI (Figure 2). Berrill and 
O’Hara presented multiple linear regressions indicating that BA 
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productivity indices were consistently stronger predictors of stand 
and redwood VI than was SI [8]. Throughout redwood’s natural 
range, variogram range for each productivity index may be affected 
differently by biophysical factors affecting tree- and stand growth 
such as variations in species composition, access to soil moisture, 
or exposure to wind which is known to impact height-diameter 
ratio in lodgepole pine (Pinus contorta var. latifolia Engelm.) radiata 
pine (P. radiata D. Don.), and Sitka spruce (Picea sitchensis (Bong.) 
Carr.) [28-31]. The restricted natural range of redwood apparently 
reflects a lower tolerance for drought and cold [28]. This may impart 
greater sensitivity to changes in growth-limiting resources such as 
soil moisture, resulting in greater variations in species composition, 
growth rates of individual species, and stand productivity at smaller 
spatial scales than other species and forest types. Redwood SI and 
our redwood component BAI and VI productivity indices were 
designed to mitigate the confounding influences of stand density 
and species composition, allowing us to reveal how development 
of dominant height, BA, and volume varied spatially according 
to differences in site quality. Therefore we would expect similar 
spatial continuity in productivity in pure or mixed redwood stands 
on similar terrain with similar climate. We can only speculate 
that productivity would be spatially autocorrelated over longer 
distances in the common forest types of other regions having less 
variability in site conditions and wider ecological amplitude of the 
dominant species. 

At Railroad Gulch, covariance in productivity between neighbor 
plots decreased with increasing distance between plots. Productivity 
also exhibited variance between nearby plots, and was absent of spatial 
continuity beyond 200 m for SI and 300 m for BAI index within 
the 110-ha Railroad Gulch area characterized by heterogeneous 
topography and variable species composition. In theory, measuring 
SI in plots 200 m apart would maximize sample precision while 
preserving independence between samples. With this approach, a 
lower sampling intensity than with conventional site productivity 
estimation procedures would be needed to estimate the alternate 
indices of redwood forest productivity, BAI index, or VI index. VI 
index depends on accurate estimates of tree BAI and height growth 
which can be costly. Obtaining BAI index values involves either 
repeat measurements or shallow increment cores to obtain estimates 
of tree and stand BAI, which could be less time-consuming than bark-
to-pith coring for SI and – unlike SI – can be calculated for even-aged 
and multiaged stands.

Acknowledgments

We are grateful for the advice and assistance provided by Shawn Headley, Kirk 
O’Dwyer and Lynn Webb at Jackson Demonstration State Forest, and Helge Eng of 
the California Department of Forestry and Fire Protection (CALFIRE). Christopher 
Hipkin provided data. Christa Dagley assisted with field data collection and provided 
valuable critical review. This work was supported in part by the USDA National 
Institute of Food and Agriculture, McIntire Stennis project 0231839.

References

1. Skovsgaard JP, Vanclay JK (2013) Forest site productivity: a review of spatial 
and temporal variability in natural site conditions. Forestry 86: 305-315.

2. Husch B, Beers TW, Kershaw JA Jr (2002) Forest mensuration. John Wiley & 
Sons Inc, Hoboken, NJ, USA.

3. Legendre P (1993) Spatial autocorrelation: Trouble or new paradigm? 
Ecology 74: 1659-1673.

4. Bataineh AL, Oswald BP, Bataineh MM, Unger D, Hung I-K et al. (2006) 
Spatial autocorrelation and pseudoreplication in fire ecology. Fire Ecol 2: 
107-118.

5. van Mantgem PJ, Schwilk DW (2009) Negligible influence of spatial 
autocorrelation in the assessment of fire effects in a mixed conifer forest. Fire 
Ecol 5: 116-125.

6. Assmann E (1970) The principles of forest yield study. Studies in the organic 
production, structure, increment, and yield of forest stands. Pergamon Press, USA.

7. Skovsgaard JP, Vanclay JK (2008) Forest site productivity: a review of the 
evolution of dendrometric concepts for even-aged stands. Forestry 81: 13-31.

8. Berrill J-P, O’Hara KL (2014) Estimating site productivity in irregular stand 
structures by indexing basal area or volume increment of the dominant 
species. Can J For Res 44: 92-100.

9. Jones DA, O’Hara KL (2012) Carbon density in managed coast redwood 
stands: implications for forest carbon estimation. Forestry 85: 99-110.

10. Berrill J-P, O’Hara KL (2009) Multiaged coast redwood stands: Interactions 
between regeneration, structure, and productivity. West J Appl For 24: 24-32.

11. Olson DF, Roy DF, Walters GA (1990) Sequoia sempervirens (D. Don) Endl. 
P. 541-551 In. Silvics of North America. Agriculture Handbook 654 USDA 
Forest Service, Washington D.C, USA.

12. O’Hara KL, Berrill J-P (2010) Dynamics of coast redwood sprout clump 
development in variable light environments. J For Res 15: 131-139.

13. Berrill J-P, O’Hara KL (2007) Patterns of leaf area and growth efficiency in 
young even-aged and multiaged coast redwood stands. Can J For Res 37: 
617-626.

14. Gspaltl M, Sterba H, O’Hara KL (2012) The relationship between available 
area efficiency and area exploitation index in an even-aged coast redwood 
(Sequoia sempervirens) stand. Forestry 85: 567-577.

15. Oliver WW, Lindquist JL, Strothmann RO (1994) Young-growth redwood stands 
respond well to various thinning intensities. West J Appl For 9: 106-112.

16. O’Hara KL, Narayan L, Cahill KG (2015) Twelve-year response of coast 
redwood to precommercial thinning treatments. For Sci 61: 780-789.

17. Watt MS, Palmer DJ, Kimberley MO, Hock BK, Payn TW, et al. (2010) 
Development of models to predict Pinus radiata productivity throughout New 
Zealand. Can J For Res 40: 488-499.

18. Isaaks EH, Srivastava RM (1989) Applied geostatistics. Oxford University 
Press Inc. New York, USA.

19. Jackson WF (1991) Big River was dammed. FMMC Books, Mendocino CA. 

20. Krumland B, Wensel LC (1988) A generalized height-diameter equation for 
coastal California species. West J Appl For 3: 113-115.

21. Wensel LC, Krumland B (1983) Volume and taper relationships for redwood, 
Douglas-fir, and other conifers in California’s north coast. Ag. Exp. Station, 
Division of Agriculture and Natural Resources. University of California, 
Berkeley, USA.

22. Griffen J (1986) Fall-and-buck study results: volume equations for trees on 
Jackson State Forest. Jackson Demonstration State Forest Newsletter 22: 1-3.

23. Shaw JD (2000) Application of stand density index to irregularly structured 
stands. West J Appl For 15: 40-42.

24. Wensel LC, Krumland B (1986) A site index system for redwood and Douglas-
fir in California’s north coast forest. Hilgardia 54: 1-14

25. Berrill J-P, Jeffress JL, Engle JM (2012) Coast redwood live crown and 
sapwood dynamics. USDA Forest Service Gen. Tech. Rep. PSW-GTR-238, 
Albany, CA. 

26. SAS Institute (2004) SAS/STAT 9.1 user’s guide. SAS Institute Inc. Cary, 
NC, USA.

27. Berrill J-P, O’Hara KL (2012) Influence of tree spatial pattern and sample 
plot type and size on inventory estimates for leaf area index, stocking, and 
tree size parameters. USDA Forest Service Gen. Tech. Rep. PSW-GTR-238, 
Albany, CA.

28. Waring R H, Major J (1964) Some vegetation of the California coastal redwood 
region in relation to gradients of moisture, nutrients, light, and temperature. 
Ecol Monogr 34: 167-215. 

29. Lin HS, Kogelmann W, Walker C, Bruns MA (2006) Soil moisture patterns in a 
forested catchment: a hydropedological perspective. Geoderma 131: 345-368.

http://forestry.oxfordjournals.org/content/86/3/305.abstract
http://forestry.oxfordjournals.org/content/86/3/305.abstract
https://books.google.co.in/books?id=p0v3m8Pau-kC&pg=PR4&lpg=PR4&dq=Forest+mensuration.+John+Wiley+%26+Sons+Inc,+Hoboken,+NJ&source=bl&ots=LGIHmlCA_y&sig=BTX8HFwLLbrpIQx4fbM-IbJhEeE&hl=en&sa=X&ved=0ahUKEwjJ3cKE89_JAhXIGY4KHfk5BXYQ6AEIGzAA#v=onepage&q=Forest
https://books.google.co.in/books?id=p0v3m8Pau-kC&pg=PR4&lpg=PR4&dq=Forest+mensuration.+John+Wiley+%26+Sons+Inc,+Hoboken,+NJ&source=bl&ots=LGIHmlCA_y&sig=BTX8HFwLLbrpIQx4fbM-IbJhEeE&hl=en&sa=X&ved=0ahUKEwjJ3cKE89_JAhXIGY4KHfk5BXYQ6AEIGzAA#v=onepage&q=Forest
http://www.jstor.org/stable/1939924?seq=1#page_scan_tab_contents
http://www.jstor.org/stable/1939924?seq=1#page_scan_tab_contents
http://scholarworks.sfasu.edu/forestry/378/
http://scholarworks.sfasu.edu/forestry/378/
http://scholarworks.sfasu.edu/forestry/378/
http://fireecologyjournal.org/docs/Journal/pdf/Volume05/Issue02/116.pdf
http://fireecologyjournal.org/docs/Journal/pdf/Volume05/Issue02/116.pdf
http://fireecologyjournal.org/docs/Journal/pdf/Volume05/Issue02/116.pdf
https://books.google.co.in/books/about/The_principles_of_forest_yield_study.html?id=RTfxAAAAMAAJ&redir_esc=y
https://books.google.co.in/books/about/The_principles_of_forest_yield_study.html?id=RTfxAAAAMAAJ&redir_esc=y
http://forestry.oxfordjournals.org/content/81/1/13.abstract
http://forestry.oxfordjournals.org/content/81/1/13.abstract
http://www.nrcresearchpress.com/doi/abs/10.1139/cjfr-2013-0230#.VnEa83YrLIU
http://www.nrcresearchpress.com/doi/abs/10.1139/cjfr-2013-0230#.VnEa83YrLIU
http://www.nrcresearchpress.com/doi/abs/10.1139/cjfr-2013-0230#.VnEa83YrLIU
http://forestry.oxfordjournals.org/content/85/1/99.abstract
http://forestry.oxfordjournals.org/content/85/1/99.abstract
http://www.ingentaconnect.com/content/saf/wjaf/2009/00000024/00000001/art00004
http://www.ingentaconnect.com/content/saf/wjaf/2009/00000024/00000001/art00004
http://link.springer.com/article/10.1007%2Fs10310-009-0166-0#page-1
http://link.springer.com/article/10.1007%2Fs10310-009-0166-0#page-1
http://www.nrcresearchpress.com/doi/abs/10.1139/X06-271#.VnEb8nYrLIU
http://www.nrcresearchpress.com/doi/abs/10.1139/X06-271#.VnEb8nYrLIU
http://www.nrcresearchpress.com/doi/abs/10.1139/X06-271#.VnEb8nYrLIU
http://forestry.oxfordjournals.org/content/85/5/567.short
http://forestry.oxfordjournals.org/content/85/5/567.short
http://forestry.oxfordjournals.org/content/85/5/567.short
http://www.fire.ca.gov/resource_mgt/downloads/reports/RedwoodThinningWJAF1994.pdf
http://www.fire.ca.gov/resource_mgt/downloads/reports/RedwoodThinningWJAF1994.pdf
http://www.ingentaconnect.com/content/saf/fs/2015/00000061/00000004/art00017
http://www.ingentaconnect.com/content/saf/fs/2015/00000061/00000004/art00017
http://www.nrcresearchpress.com/doi/abs/10.1139/X09-207?journalCode=cjfr#.VnEc7nYrLIU
http://www.nrcresearchpress.com/doi/abs/10.1139/X09-207?journalCode=cjfr#.VnEc7nYrLIU
http://www.nrcresearchpress.com/doi/abs/10.1139/X09-207?journalCode=cjfr#.VnEc7nYrLIU
https://books.google.nl/books/about/Applied_Geostatistics.html?hl=nl&id=vC2dcXFLI3YC
https://books.google.nl/books/about/Applied_Geostatistics.html?hl=nl&id=vC2dcXFLI3YC
https://books.google.co.in/books?id=VB_zGAAACAAJ&dq=Big+River+was+dammed&hl=en&sa=X&ved=0ahUKEwif5PC5_N_JAhWHBo4KHTdiDLYQ6AEIGzAA
http://www.ingentaconnect.com/content/saf/wjaf/1988/00000003/00000004/art00007
http://www.ingentaconnect.com/content/saf/wjaf/1988/00000003/00000004/art00007
http://www.cabdirect.org/abstracts/20000612931.html;jsessionid=BA973564C13E9FB7B6C40C92487F484A
http://www.cabdirect.org/abstracts/20000612931.html;jsessionid=BA973564C13E9FB7B6C40C92487F484A
http://www.cabdirect.org/abstracts/19891933424.html
http://www.cabdirect.org/abstracts/19891933424.html
http://www.fs.fed.us/psw/publications/documents/psw_gtr238/psw_gtr238_473.pdf
http://www.fs.fed.us/psw/publications/documents/psw_gtr238/psw_gtr238_473.pdf
http://www.fs.fed.us/psw/publications/documents/psw_gtr238/psw_gtr238_473.pdf
https://support.sas.com/documentation/onlinedoc/91pdf/sasdoc_91/stat_ug_7313.pdf
https://support.sas.com/documentation/onlinedoc/91pdf/sasdoc_91/stat_ug_7313.pdf
http://www.fs.fed.us/psw/publications/documents/psw_gtr238/psw_gtr238_485.pdf
http://www.fs.fed.us/psw/publications/documents/psw_gtr238/psw_gtr238_485.pdf
http://www.fs.fed.us/psw/publications/documents/psw_gtr238/psw_gtr238_485.pdf
http://www.jstor.org/stable/1948452?seq=1#page_scan_tab_contents
http://www.jstor.org/stable/1948452?seq=1#page_scan_tab_contents
http://www.jstor.org/stable/1948452?seq=1#page_scan_tab_contents
http://www.sciencedirect.com/science/article/pii/S0016706105000868
http://www.sciencedirect.com/science/article/pii/S0016706105000868


Citation: Berrill J-P, O’Hara KL (2015) Spatial Variation in Dominant Height and Basal Area Development in a Coast Redwood Forest: Implications for 
Inventory and Modeling. J Biodivers Manage Forestry 4:4.

• Page 6 of 6 •Volume 4 • Issue 4 • 1000147

doi:http://dx.doi.org/10.4172/2327-4417.1000147

30. Meng SX, Huang S, Lieffers VJ, Nunifu T, Yang Y (2008) Wind speed and 
crown class influence the height-diameter relationship of lodgepole pine: 
nonlinear mixed-effects modeling. For Ecol Manage 256: 570-577.

31. Farrelly N, Dhubháin ÁN, Nieuwenhuis M (2011) Site index of Sitka spruce 
(Picea sitchensis) in relation to different measures of site quality in Ireland. 
Can J For Res 41: 265-278.

Author Affiliation         Top
1Department of Forestry and Wildland Resources, Humboldt State University, 1 
Harpst St. Arcata, CA 95521, USA
2Department of Environmental Science, Policy, and Management, University of 
California, Berkeley, Mulford Hall, Berkeley, CA 94720, USA

Submit your next manuscript and get advantages of SciTechnol 
submissions

 � 50 Journals
 � 21 Day rapid review process
 � 1000 Editorial team
 � 2 Million readers
 � More than 50,000 facebook likes
 � Publication immediately after acceptance
 � Quality and quick editorial, review processing

Submit your next manuscript at ● www.scitechnol.com/submission

http://www.sciencedirect.com/science/article/pii/S0378112708003940
http://www.sciencedirect.com/science/article/pii/S0378112708003940
http://www.sciencedirect.com/science/article/pii/S0378112708003940
http://www.nrcresearchpress.com/doi/abs/10.1139/X10-203#.VnEfqnYrLIU
http://www.nrcresearchpress.com/doi/abs/10.1139/X10-203#.VnEfqnYrLIU
http://www.nrcresearchpress.com/doi/abs/10.1139/X10-203#.VnEfqnYrLIU

	Title
	Corresponding author
	Abstract
	Introduction
	Methods
	Study site 
	Tree and stand data 
	Basal area and volume productivity 
	Spatial autocorrelation 

	Results
	Plot data and productivity index values 
	Spatial continuity in productivity 

	Discussion
	Acknowledgments
	Figure 1
	Figure 2
	References

